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One of the main tools of modern stochastic analysis is Malliavin calculus. In
a nutshell, this is a theory providing a way of differentiating random variables
defined on a Gaussian probability space (typically Wiener space) with respect to
the underlying noise. This allows to develop an “analysis on Wiener space”, an
infinite-dimensional generalisation of the usual analytical concepts we are familiar

with on R". (Fourier analysis, Sobolev spaces, etc.)

The main goal of this course is to develop this theory with the proof of Horman-
der’s theorem in mind. This was actually the original motivation for the development
of the theory and states the following. Consider a stochastic differential equation
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on R” given by

dX; (1) = Vio(X (D) dt + Y V;i(X(1)) 0 dWi(t)
i=1
m d m
= Vio(X)dt+5 > > Vi)V (X) di + Y V;i(X) dWi(r) ,
=1 3

k=1 i=1

| =

1

where the V; ; are smooth functions, the W; are 1.i.d. Wiener processes, odW;
denotes Stratonovich integration, and dW; denotes Itd integration. We also write
this in the shorthand notation

dX; = Vo(Xo) di + ) Vi(Xp) 0 dWi(1) . (1.1)
i=1

where the V; are smooth vector fields on R"” with all derivatives bounded. One
might then ask under what conditions it is the case that the law of X; has a density
with respect to Lebesgue measure for r > 0. One clear obstruction would be the
existence of a (possibly time-dependent) submanifold of R" of strictly smaller
dimension (say k < n) which is invariant for the solution, at least locally. Indeed,
n-dimensional Lebesgue measure does not charge any such submanifold, thus
ruling out that transition probabilities are absolutely continuous with respect to it.

If such a submanifold exists, call it say /i C R x R", then it must be the case
that the vector fields d; — Vo and {V;}I are all tangent to /(. This implies in
particular that all Lie brackets between the V;’s (including j = 0) are tangent to
AL, so that the vector space spanned by them is of dimension strictly less than
n + 1. Since the vector field 9; — Vj is the only one spanning the “time” direction,
we conclude that if such a submanifold exists, then the dimension of the vector
space 7 (x) spanned by {V;(x)}", as well as all the Lie brackets between the V;’s
evaluated at x, is strictly less than n for some values of x.

This suggests the following definition. Define 7 = {V;}I?, and then set
recursively

Tt =Ty U{[Vi,V] : VeTh i20k, ¥ ={]%,
n>0
as well as ¥ (x) = span{V(x) : Ve V}.
Definition 1.1 Given a collection of vector fields as above, we say that it satisfies

the parabolic Hormander condition if dim ¥ (x) = n for every x € R".

Conversely, Frobenius’s theorem (see for example [Law77]) is a deep theorem in
Riemannian geometry which can be interpreted as stating that if dim 7' (x) = k < n
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for all x in some open set © of R”, then R x © can be foliated into k + 1-dimensional
submanifolds with the property that d; — Vo and {V;}"", are all tangent to this
foliation. This discussion points towards the following theorem.

Theorem 1.2 (Hormander) Consider (1.1)), as well as the vector spaces V (x) C
R” constructed as above. If the parabolic Hormander condition is satisfied, then
the transition probabilities for have smooth densities with respect to Lebesgue
measure.

The original proof of this result goes back to [Hor67|] and relied on purely
analytical techniques. However, since it has a clear probabilistic interpretation,
a more “pathwise” proof of Theorem was sought for quite some time. The
breakthrough came with Malliavin’s seminal work [Mal78]], where he laid the
foundations of what is now known as the “Malliavin calculus”, a differential
calculus in Wiener space, and used it to give a probabilistic proof of Hormander’s
theorem. This new approach proved to be extremely successful and soon a
number of authors studied variants and simplifications of the original proof
[Bis81b, Bis81al, |[KS84, KS85, KS87, Nor86]. Even now, more than three decades
after Malliavin’s original work, his techniques prove to be sufficiently flexible to
obtain related results for a number of extensions of the original problem, including
for example SDEs with jumps [Tako2, IKo6, Casog, Tak10], infinite-dimensional
systems [Oco88,, BTos, MPo6, HMo6, HM11]], and SDEs driven by Gaussian
processes other than Brownian motion [BHo7, |ICF10, HP11,|(CHLT 15].

1.1 Original references

The material for these lecture notes was taken mostly from the monographs
[Nuao6l, Malg7|], as well as from the note [Hai11]]. Additional references to some
of the original literature can be found at the end.

2 White noise and Wiener chaos

Let H = L>(R,, R™) (but for the purpose of much of this section, H could be any real
separable Hilbert space), then white noise is a linear isometry W: H — L?(Q,P)
for some probability space (€, P), such that each W(h) is a real-valued centred
Gaussian random variable. In other words, for all f, g € H, one has

EW(h) =0,  EW(Rh)W(g) =<(h.g) .

and each W (h) is Gaussian. Such a construct can easily be shown to exist.
Indeed, it suffices to take a sequence {&, },>0 of i.i.d. normal random variables

and an orthonormal basis {e,},>0 of H. For h = },.ohn,e, € H, it then

suffices to set W(h) = ¥,,50 hnéy, With the convergence taking place in L?(Q, P).
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Conversely, given a white noise, it can always be recast in this form (modulo
possible modifications on sets of measure 0) by setting &, = W(e,,).

A white noise determines an m-dimensional Wiener process, which we call
again W, in the following way. Write 1%3 N for the element of H given by
1 ifse[0,f)and j =1,
0 otherwise,

(%wm={ (2.1)

and set W;(¢) = W(IEQ l)). It is then immediate to check that one has indeed

EW;(s)W;(1) = 6;;(s A1),

so that this is a standard Wiener process. For arbitrary & € H, one then has

Wi = [ nawc). (22)
i=1

with the right hand side being given by the usual Wiener—It6 integral.
Let now H,, denote the nth Hermite polynomial. One way of defining these is
to set Hy = 1 and then recursively by imposing that

H,(x) = nHp—1(x) (2.3)

and that, forn > 1, EH,(X) = 0 for a normal Gaussian random variable X with
variance 1. This determines the H,, uniquely, since the first condition determines H,,
up to a constant, with the second condition determining the value of this constant
uniquely. The first few Hermite polynomials are given by

Hi(x)=x, Hy(x) =x>-1, Hi(x) =x> = 3x .

Remark 2.1 Beware that the definition given here differs from the one given in
[Nuao6]] by a factor n!, but coincides with the one given in most other parts of
the mathematical literature, for example in [Malg7]. In the physical literature,
they tend to be defined in the same way, but with X of variance 1/2, so that they
are orthogonal with respect to the measure with density exp(—x?) rather than
exp(—x2/2).

There is an analogy between expansions in Hermite polynomials and expansion
in Fourier series. In this analogy, the factor n! plays the same role as the factor 2w
that appears in Fourier analysis. Just like there, one can shift it around to simplify
certain expressions, but one can never quite get rid of it.
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An alternative characterisation of the Hermite polynomials is given by
D2
H,(x) = exp ( - 7))(” , (2.4)

where D represents differentiation with respect to the variable x. (Yes, this is the
inverse heat flow appearing here!) To show that this is the case, and since it is
obvious that DH,, = nH,,_1, it suffices to verify that EH,(X) =0 forn > 1 and H,
as in (2.4). Since the Fourier transform of x" is ¢,6 for some constant ¢, and
since exp(—x2/2) is a fixed point for the Fourier transform, one has for n > 0

2 2 2 42
/e_Te_DTx”dx:cn/e_%e%é(")(k)dk:cn/6(”)(k)dk:0,

as required.
A different recursive relation for the H),’s is given by

Hyo () = xHo () — Hy(x), 120, (2.5)
To show that holds, it suffices to note that
[f(D),x] = f'(D),

so that indeed
D? D?
H,1(x) =exp ( - T)xx" =xH,(x) + [exp ( - 7),x] x"
D2
=xH,(x) — D exp ( - 7) x" = xHy(x) — H,(x) .

Combining both recursive characterisations of H,, we obtain for n, m > 0 the
identity

1
/Hn(X)Hm(X)e_XZ/Z dx = ?/H;H-I(X)Hm(x)e—xz/z dx
n

1
= / Hyi1 (x) (xHp (x) — H, (x))e_"z/2 dx
n+1
1 2
- n+1 /Hn+1(x)Hm+le /2 dx .

Combining this with the fact that EH,(X) = 0 forn > 1 and EH3(X) = 1, we
immediately obtain the identity

EH,(X)Hy(X) = n!Spm .
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Fix now an orthonormal basis {e;};en of H. For every multiindex k, which we
view as a function k: N — N such that all but finitely many values vanish, we then
define a random variable ®; by

o = | [ Hi(W(en) . (2.6)

ieEN

It follows immediately from the above that

E®; D, = klsg,, k= ]_[ k! . (2.7)
i

Write now H®s" for the subspace of H®" consisting of symmetric tensors. There is
a natural projection IT: H®" — H®s" given as follows. For any permutation o of
{1,...,n} write I1,: H®" — H®" for the linear map given by

Ho(h1 ®...0 hy) =he() ® ... ® hy) -

We then set I1 = % > I, where the sum runs over all permutations.
Writing k| = X, ki, we set ex = (), e?ki, which is an element of H®s/kl.
Note that the vectors ej are not orthonormal, but that instead one has

k!
(ex,er) = W(SM :

Comparing this to (2.7), we conclude that the maps

1
Ini ek|—>—¢>k, |k|:n, (28)
V!

yield, for every n > 0, an isometry between H®" and some closed subspace %,
of L?(Q,P). This space is called the nth homogeneous Wiener chaos after the
terminology of the original article [Wie38|] by Norbert Wiener where a construction
similar to this was first introduced, but with quite a different motivation. As a
matter of fact, Wiener’s construction was based on the usual monomials instead of
Hermite polynomials and, as a consequence, the analogues of the maps I, in his
context were not isometries. The first construction equivalent to the one presented
here was given almost two decades later by Irving Segal [Seg56|], motivated in part
by constructive quantum field theory.

We now show that the isomorphisms /,, are canonical, i.e. they do not depend
on the choice of basis {¢;}. For this, it suffices to show that for any 7 € H with
k]| = 1 one has I,,(h®") = H,(W(h))/Vn!. The main ingredient for this is the
following lemma.
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Lemma 2.2 Let x,y € R and a, b with a* + b2 = 1. Then, one has the identity

Hy(ax+by) = ) (Z)a" b" *Hi(x)Hy— (y) -
k=0

Proof. As a consequence of (2.4]) we have
D? D? b>D?
- 2—;2)(ax +by)" = exp ( - Tx) exp ( - zazx)(ax +by)" .

Noting that G(D,/a)(ax + by)" = G(D,/b)(ax + by)", we conclude that

H,(ax+by) = exp (

2

H,(ax + by) = exp ( - %) exp ( - D?g)(ax +by)" .

Applying the binomial theorem to (ax + by)" concludes the proof. O

Applying this lemma repeatedly and taking limits, we have

Corollary 2.3 Let a € {* with Zal.z = 1 and let {x;}iex be such that }; a;x;
converges. Then, one has the identity

Hn<Za,~x,-) = Z Z—iak l_[ Hy, (x;) ,

ieN |k|l=n =~ ieN

where a¥ = [1; afi. In particular, whenever h € H with ||h|| = 1, one has

L,(h®") = H,(W(h))/Vn!, independently of the choice of basis used in the
definition of I,.

It turns out that, as long as Q contains no other source of randomness than
generated by the white noise W, then the spaces %, span all of L?(Q, P). More
precisely, denote by F the o-algebra generated by W, namely the smallest o--algebra
such that the random variables W(h) are F-measurable for every & € H. Then,
one has

Theorem 2.4 In the above context, one has

LX(Q,%,P) = @%n .

n>0

Proof. Denoteby Hy C H the subspace generated by {ey }<n, by Fy the o--algebra
generated by {W(h) : h € Hy}, and assume that one has

L(Q %y, P) = (P, (2.9)

n>0
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where %,fN) C ¥, is the image of Hf\’}“” under [,,. Letnow X € Lz(Q, #,P) and set
Xy = E(X |Fy). By Doob’s martingale convergence theorem, one has Xy — X
in L2, thus showing by that EBn>O %, is dense in L?(Q, F, P) as claimed.
To show , it only remains to show that if X € LZ(Q, Fn, P) satisfies
EXY = 0O for every ¥ € %,EN) and every n > 0, then X = 0. We can write
X(w) = f(W(ey),...,W(ex)) (almost surely) for some function f: RY — R that
is square integrable with respect to the standard Gaussian measure iy on RY. By
assumption, one then has f f(x) P(x) un(dx) = 0 for every polynomial P.

Note now that the truncated Taylor expansion TIE”) of fi = (x > %) satisfies

the bound (k)"
M) [ = 1Rx |kx|
1" @)= | Y | < e

|m|<n

uniformly over n, and T,f”) converges of course pointwise to fi. Since uy has
subexponential tails it integrates e/** for every k € RY, and it follows from

Lebesgue’s dominated convergence theorem that lim,,—« Tk(") = frin L?(uy).
Since /f(x)TIEn)(x) un(dx) = 0 for every k € RY and every N > 0, we
conclude that one must have / f(x) e** un(dx) = 0, whence the claim follows.
0

Remark 2.5 The fact that u integrates exponentials is crucial here and not just an
artefact of our proof. If this condition is dropped, then there are counterexamples
to the claim that polynomials are dense in L?( ).

Let us now show what a typical element of %, looks like. We have already seen
that # only contains constants and # contains precisely all random variables
of the form (2.2). Write A, c R/ for the cone consisting of points s with
0< sy <---<s,. Wethen have

Lemma 2.6 Let H = L>(R,,R™). Forn > 1, the space #,, consists of all random
variables of the form

~ ) Sn s2
I,(h) = Z / / / hjl ,,,,, jn(sl,---’Sn)del(Sl)"'den(Sn),
Ay 0 0
J1°Jn
with h € L*(A, R™).
Proof. We identify L2(A,, R™") with a subspace of H®" and define the symmetri-
sation IT: H®" — H®" as before. The map Vn!II is then an isometry between

L%(A,,R™) and H®". Setting h = Vn!I1h, we claim that [,,(h) = I,(h), from
which the lemma then follows.
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Since linear combinations of such elements are dense in L%(A,), it suffices to
hake & of the form

7 1
hjlv--,jn(s) = gﬁ'])(sl) T g;:)(sn) >

where the functions g € H satisfy ||g?|| = 1 and have the property that
sup supp g < inf supp g for i < j. It then follows from the properties of the
supports and standard properties of 1t6 integration that

L =] [ws?).
i=1

Since the functions g have disjoint supports and are therefore all orthogonal in
H, we can view them as the first n elements of an orthonormal basis of H. The
claim now follows immediately from the definition (2.8) of I,,. 0

3 The Malliavin derivative and its adjoint

One of the goals of Malliavin calculus is to make precise the notion of “differentiation
with respect to white noise”. Let us formally write &;() = %, which actually
makes sense as a random distribution. Then, any random variable X measurable
with respect to the filtration generated by the W(%)’s can be viewed as a function
of the &;’s.

At the intuitive level, one would like to introduce operators .@[(i) which take the
derivative of a random variable with respect to &;(#). What would natural properties

of such operators be? On the one hand, one would certainly like to have
20W (h) = hi(1) (3.1)

since, at least formally, one has

win =y, [“nwawar.
i=1

On the other hand, one would like these operators to satisfy the chain rule, since
otherwise they could hardly claim to be “derivatives”:

n
2VF(X,,...,X,) = Z OF(X1,.... X)) 2%, . (3.2)
k=1

Finally, when viewed as a function of 7 (and of the index 7), the right hand side of
belongs to H, and this property is preserved by the chain rule. It is therefore
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natural to ask for an operator & that takes as an argument a sufficiently “nice”
random variable and returns an H-valued random variable, such that ZW(h) = h
and such that holds.

Let now W c L*(Q,P) denote the set of all random variables X such that there
exists N > 0, a function F: RY — R which, together with its derivatives, grows at
most polynomially at infinity, and elements h; € H such that

X =FW(hy),...,W(hy)) . (3-3)

Given such a random variable, we define an H-valued random variable ZX by

N
DK = ) FW(h).....W(hw)) hic (34)
k=1

One can show that X is well-defined, i.e. does not depend on the choice of
representation (3.3). Indeed, for 4 € H, one can characterise (h, 2X) as the limit
in probability, as € — 0, of gl (tenX — X), where the translation operator 7 is
given by

(ta X) (W) = X(W+/O' h(s) ds) :

This in turn does not depend on the representative of X in L? since 7., P is equivalent
to P for every h € H as a consequence of the Cameron-Martin theorem, see for
example [Bogg8]. Since W N %, is dense in #, for every n, we conclude that U/
1s dense in LZ(Q, P), so that & is a densely defined unbounded linear operator on
L*(Q,P).

One very important tool in Malliavin calculus is the following integration by
parts formula.

Proposition 3.1 For every X € W and h € H, one has the identity
E(2X,h)y =E(XW(h)) .
Proof. By Grahm-Schmidt, we can assume that X is of the form (3.3)) with the A;

orthonormal. One then has

N
E(ZX,hy = Y BoHF(W(hy),...,W(hy)) (e, hy

>~
—_

(hi, h)
(2m)N/Z Jgy

(hi, h)
(2m)N/2 Jry

e_|x|2/26kF(x1, ... Xg) dx
1

M= T M=

e_|x|2/2F(x1, o X)X dx

>~
Il

1
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N
= Z E(XW (hp)(hy, b)) = E(XW(h)) .
k=1
To obtain the last identity, we used the fact that h = X7, (hx, hyhy for an
orthonormal basis {h;}, together with the fact that W(hy) is of mean 0 and
independent of X for every k > N. 0

Corollary 3.2 Forevery X,Y € W and every h € H, one has
E(Y(Z2X,h)) =E(XYW(h) — X{2Y,h)) . (3.5)
Proof. Note that XY € W and that Leibniz’s rule holds. N

As a consequence of the integration by parts formula (3.5)), we can show that
the operator & is closable, which guarantees that it is “well-behaved” from a
functional-analytic point of view.

Proposition 3.3 The operator & is closable. In other words if, for some sequence
X, € W, one has X, — 0 in L*(Q,P) and 72X, — Y in L>*(Q,P, H), then Y = 0.

Proof. Let X, be as in the statement of the proposition and let Z € W/, so that in
particular both Z and ZZ have moments of all orders. It then immediately follows

from (3.5)) that on has
E(Z(Y,h)) = lim E(X,ZW(h) — X,{(ZZ,h)) = 0.

If Y was non-vanishing, we could find % such that the real-valued random variable
(Y, h) is not identically 0. Since ' is dense in L?, this would entail the existence
of some Z € W such that E(Z Y, h)) # 0, yielding a contradiction. O

We henceforth denote by > the domain of the closure of Z (namely those
random variables X such that there exists X,, € W with X, — X in L? and such
that ZX,, converges to some limit ZX) and we do not distinguish between Z and
its closure. We also follow [Nuao6] in denoting the adjoint of & by 6. One can
of course apply the Malliavin differentiation operator repeatedly, thus yielding an
unbounded closed operator Z* from L?(Q,P) to L>(Q, P, H®*). We denote the
domain of this operator by %2

Actually, a similar proof shows that powers of & are closable as unbounded
operators from L”(Q,P) to L?(Q,P, H®¥) for every p > 1. We denote the
domain of these operators by W . Furthermore, for any Hilbert space K, we
denote by W57 (K) the domain of Z* viewed as an operator from L? (Q, P, K) to
L?(Q,P, H®*®K). We call arandom variable belonging to W *-? forevery k, p > 1
“Malliavin smooth” and we write § = (", WP as well as S(K) = Mk.p wWkr(K).
The Malliavin smooth random variables play a role analogous to that of Schwartz
test functions in finite-dimensional analysis.
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Remark 3.4 As an immediate consequence of Holder’s inequality and the Leibniz
rule, § is an algebra.

Let us now try to get some feeling for the domain of 6. Recall that, by definition
of the adjoint, the domain of § is given by those elements u € L>(Q, P, H) such
that there exists ¥ € L?(Q, P) satisfying the identity

E(u, 7X) =E(YX),

for every X € W. One then writes Y = ou. Interestingly, it turns out that the
operator ¢ is an extension of It0 integration! It is therefore also called the Skorokhod
integration operator and, instead of just writing du, one often writes instead

/m u(t) swW(e) .
0

We now proceed to showing that it is indeed the case that, if u is a square integrable
stochastic process that is adapted to the filtration generated by the increments of the
underlying Wiener process W, then u belongs to the domain of ¢ and 6u coincides
with the usual It6 integral of u against W.

To formulate this more precisely, denote by F; the o-algebra generated by the
random variables W (h) with supp & C [0, ¢]. Consider then the set of elementary
adapted processes, which consist of all processes of the form

_ ()10)
U= ZY o (3.6)

for some N > 1, some times s, ; with 0 < 54 < #; < oo, and some random
variables Y,E') e L*(Q, Fy,, P). Summation over i is also implied. We denote
by L2(Q,P,H) c L*(Q,P, H) the closure of this set. Recall then that, for an
elementary adapted process of the type (3.0)), its Itd integral is given by

N N

/0 w() dW () £ Y ¥ (Wit - Wiso) = D v w(1) ). ()

k=1 k=1
Using Itd’s isometry, this can then be extended to all of L2.

Theorem 3.5 The space LZ(Q, P, H) is included in the domain of 6 and, on it, §
coincides with the It0 integration operator.

Proof. Let u be an elementary adapted process of the form li with each Y, ,fi) in
W. For X € W one then has, as a consequence of (3.3)),

E((u, 2X)) ZE (v o 7x)) (3.8)
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N
_ (0 (i) M 10)
- E(Yk xwal ) -x(or0.1 )
=

[sk.tx)
1

At this stage, we note that since ZY ,Ei) 1s F;, -measurable by assumption, it has
a representation of the type with each h; satisfying supp i; € [0, s¢]. In
particular, one has (A, lﬁ)k,tk)> = 0 so that, by 1i one has <‘@Y/£i)’ 1&)]“&)) =0.
Combining this with the above identity and (3.7)), we conclude that

E((u, 2X)) :E(X/Omu(t) dW(t)) .

Taking limits on both sides of this identity, we conclude that it holds for every
u € L2, thus completing the proof. 0

One also has the following extension of Itd’s isometry.

Theorem 3.6 The space W' (H) is included in the domain of 6 and, on it, the
identity

E|6u|2:E/ |u(t)|2a’t+E/ / 20 (t) 2 ui(s) ds di
0 0 0

holds, with summation over repeated indices implied.

Proof. Consider similarly to before u to be a process of the form u = Zf\i 1 YO p®
with Y& e 9 and 1) € H, but this time without any adaptedness condition on
the Y’s. It then follows from the same calculation as (3.8) that

su=YOWHnYy - (2v® p0y (3.9)
with summation over i implied, so that
Dpou = 2, Y D WhDY+Y D (h, hDY—(2?Y D h@hDy = 6 Dpu+(h,u) . (3.10)

(This is nothing but an instance of the “canonical commutation relations” appearing
in quantum mechanics!) Integrating by parts, applying (3.10), and then integrating
by parts again it follows that

E|ou|* = E(u, 26u) = E(u, u) + EYV5(2,0, YD h\))
=E(u,u) + E.@h(j)Y(i) .@h(z’)Y(j) ,

with summation over i and j implied. At this point, we note that

Dy ¥ D, 0¥ D) = /0 /0 (@B D) 1D (5) (207 D) D (1) ds di
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= /0 /0 (2070 1 (1) (27D hP () ds di
= / / PP up(t) 2P ui (s) ds dt .
0 0

It remains to use the density of the class of processes we considered to conclude
the proof. O

In a similar way, we can give a very nice characterisation of the “Ornstein-
Uhlenbeck operator” 6§ Z:

Proposition 3.7 The spaces %, are invariant for A = 69 and one has AX = nX
for every X € #,,.

Proof. Fix an orthonormal basis {e;} of H. Then, by definition, the random
variables @y as in (2.6)) with |k| = n are dense in #,. Recalling that ZH (W (h)) =
kHj_1(W(h))h, one has

PPy = Z ki®i—s;€i
where 6; is given by 6;(j) = ¢, ;. We now recall that, as in (3.8)), one has the

identity
0(Xh)=XW(h) -(ZX, h),

for every X € W and h € H, so that

ADy = Z ki®y_5,W(e;) - Z ki(kj = 0ij)®@r-s;-5;{eie;)
7 i
= Z ki(@i—5, W (e;) — (ki — 1)Px_os,) -

Recall now that, by (2.5)), one has
Hy—1(x)x = (ki = 1) Hy,2(x) = Hy,; (x) ,
so that one does indeed obtain A®; = }; k;®; = n®d; as claimed. O

An important remark to keep in mind is that while ¢ is an extension of Itd
integration it is not the only such extension, and not even the only “reasonable” one.
Actually, one may argue that it is not a “reasonable” extension of It0’s integral at
all since, for a generic random variable X, one has in general

/ooXu(t) oW (t) # X/Oou(t) oW (t) .
0 0
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Also, if one considers a one-parameter family of stochastic processes a +— u(a, -)
and sets G(a) = /000 u(a,t) 6W(t), then in general one has

G(X)# /Ooou(X,t) oW (t) ,

if X is a random variable.

It will be useful in the sequel to be able to have a formula for the Malliavin
derivative of a random variable that is already given as a stochastic integral.
Consider a random variable X of the type

X:/0 u(t) dwi(e) , (3.11)

with u € L2 is sufficiently “nice”. At a formal level, one would then expect to have
the identity

29X = u;(s) + / 29u(t) dW (1) . (3.12)
0
This is indeed the case, as the following proposition shows.

Proposition 3.8 Let u € L2(Q, P, H) be such that u;(t) € W2 for almost every t
and fOOOEH@Mi(f)HZ dt < oo. Then (3.12) holds.

Proof. Take u of the form || with each Y, lfi) in W, so that X = ) Ylfi)W(l(l) ).

[sk.tk)
It then follows from the chain rule that o

7X = Z (MO e orPwa? ) =ue /O Dut) dW(r) .

and the claim follows from a simple approximation argument, combined with the
fact that & is closed. O

Finally, we will use the important fact that the divergence operator 6 maps §
into 8. This is a consequence of the following result.

Proposition 3.9 For every p > 2 there exist constants k and C such that, for every
separable Hilbert space K and every u € S(H ® K), one has the bound

Eloul? <C ) (E|2%u?)'* .
0<t<k
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Proof. For p € [1,2], the bound follows immediately from Theorem and
Jensen’s inequality. Take now p > 2. Using the definition of 6 combined with the
chain rule for &, Proposition and Young’s inequality, we obtain the bound

El6u|” = (p — DE(|6ul""*(u, D6u)) = (p — V)E|6ulP~*(|u|? + (u, 6 Du))
< %E|5u|p + cE(|ul? + [ulP?|s2u|P?)
for some constant c. We now use Holder’s inequality which yields
E(|ul?”?162ulP?) < (Elu??)"* (El62u|*3)** .
Combining this with the above, we conclude that there exists a constant C such that
E|6ul” < C(E|Zul®)'"? + (E|s2u|*/)*"* .
The proof is concluded by a simple inductive argument. 0
Corollary 3.10 The operator § maps S(H ® K) into §(K).

Proof. In order to estimate E|2%6u|?, it suffices to first apply Proposition k
times and then Proposition O

Remark 3.11 The above argument is very far from being sharp. Actually, it is
possible to show that § maps W *? into W*~1- for every p > 2 and every k > 1.
This however requires a much more delicate argument.

4 Smooth densities

In this section, we give sufficient conditions for the law of a random variable X to
have a smooth density with respect to Lebesgue measure. The main ingredient for
this is the following simple lemma.

Lemma 4.1 Let X be an R"-valued random variable for which there exist constants
Cy such that ED0G (X)| < Ci||G || for every G € 6, and k > 1. Then the law
of X has a smooth density with respect to Lebesgue measure.

Proof. Denoting by u the law of X, our assumption can be rewritten as

| / DG () p(dv)| < LG 41)

Let now s > n/2 so that |G ||« < ||G||gs by Sobolev embedding. By duality and
the density of ‘65" in H*, the assumption then implies that every distributional
derivative of u belongs to the Sobolev space H™* so that, as a distribution, u
belongs to H’ for every £ € R. The result then follows from the fact that H ¢ €
as soon as £ > k + 3. O
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Remark 4.2 If the bound (4.1) only holds for £ = 1, then it is still the case that the
law of X has a density with respect to Lebesgue measure.

The idea now is to make repeated use of the integration by parts formula (3.5))
in order to control the expectation of D*)G (X). Consider first the case k = 1 and
write (u, DG) for the directional derivative of G in the direction u € R". Ideally,
for every i € {1,...,n}, we would like to find an H-valued random variable Y;
independent of G such that

0,G(X) =(2G(X),Y:), (4.2)
where the second scalar product is taken in H, so that one has
Eo,G(X) = E(G(X) (5Yl~) .

If ¥; can be chosen in such a way that E|0Y;| < oo for every i, then the bound
for k = 1 follows. Since G (X) = ¥; 0;G(X) ZX; as a consequence of the
chain rule, a random variable Y; as in can be found only if X, viewed as a
random linear map from H to R", is almost surely surjective. This suggests that
an important condition will be that of the invertibility of the Malliavin matrix J
defined by

Mij ={2Xi, DX;) , (4.3)

where the scalar product is taken in H. Assuming that J/( is invertible, the solution
with minimal H-norm to the overdetermined system 6; = (ZX,Y;) (where 6;
denotes the ith canonical basis vector in R") is given by

Y, = (2X) M6 .

Assuming a sufficient amount of regularity, this shows that a bound of the type
appearing in the assumption of Lemma[4.1]holds for a random variable X whose
Malliavin matrix 4 is invertible and whose inverse has a finite moment of
sufficiently high order. The following theorem should therefore not come as a
surprise.

Theorem 4.3 Let X be a Malliavin smooth R"-valued random variable such that
the Malliavin matrix defined in (.3)) is almost surely invertible and has inverse
moments of all orders. Then the law of X has a smooth density with respect to
Lebesgue measure.

The main ingredient of the proof of this theorem is the following lemma.

Lemma 4.4 Let X be as above and let Z € S. Then, there exists Z € S such that
the identity
E(Z3:G(X)) = E(G(X)Z), 4-4)

holds for every G € 6’
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Proof. Following the calculation above, defining the H-valued random variable Y;
by

n
-1
Yi= Y (2X)) M}
j=1
we have the identity 9,G (X) = (Z2G(X),Y;). As a consequence, (4.4]) holds with

Z=6(ZY)).

The claim now follows from Remark(3.4]and Proposition[3.g| as soon as we can show
that J/LJTil € §. This however follows from the chain rule for 2 and Remark

since the former shows that Z* J/L]Til can be written as a polynomial in ‘/#L]Tl.l and
DX for € < k. O

Proof of Theorem By Lemmal4. 1]it suffices to show that under the assumptions
of the theorem, for every multiindex k and every random variable Y € §, there
exists a random variable Z € § such that

E(Y D*G(X)) =E(G(X)Z) . (4.5)

We proceed by induction, the claim being trivial for k = 0. Assuming that (4.5)
holds for some k, we then obtain as a consequence of Lemma |4.4] that

E(YD*3,G(X)) =E(6:G(X)Z) =E(G(X)Z) ,

for some Z € S, which is precisely the required bound (4.5), but for k + e;. O

5 Malliavin Calculus for Diffusion Processes

We are now in possession of all the abstract tools required to tackle the proof of
Hormander’s theorem. Before we start however, we discuss how Z,X; can be
computed when X; is the solution to an SDE of the type (1.1]). Recall first that, by
definition, is equivalent to the It6 stochastic differential equation

dX, = Vo(X,) di + ) Vi(X,) dWi(1) , (5:1)
i=1

with V given in coordinates by

(To)i(3) = (Voh(x) + 5 (V) (Ve ()

with summation over repeated indices implied. We assume that V; € 6,°, the space
of smooth vector fields that are bounded, together with all of their derivatives. It
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immediately follows that, for every initial condition xo € R", can be solved by
simple Picard iteration, just like ordinary differential equations, but in the space of
adapted square integrable processes.

An important tool for our analysis will be the linearisation of with respect
to its initial condition. This is obtained by simply formally differentiating both
sides of with respect to the initial conditions x¢. For any s > 0, this yields the
non-autonomous linear equation

m
dJs,t = DVO(XI) Js,t dt+ZDVi(Xt) Js,t dVVl(t) P Js,s =id s (52)
i=1
where id denotes the n X n identity matrix. This in turn is equivalent to the
Stratonovich equation

dls; = DVo(X,) Jyrdt+ ) DVi(X) g, 0dWi(t),  Jyo=id.  (5.3)
i=1
Higher order derivatives Jé/? with respect to the initial condition can be defined

similarly. It is straightforwafd to verify that this equation admits a unique solution,
and that this solution satisfies the identity

Jl,u-]s,t = Js,u 5 (54)

for any three times s < ¢ < u. Under our standing assumptions for SDEs, the

Jacobian has moments of all orders:

Proposition 5.1 If'V; € 6,° for all i, then sup ;.7 E|Jy|P < oo for every T > 0
and every p > 1.

Proof. We write |A| for the Frobenius norm of a matrix A. A tedious application
of It6’s formula shows that for even integers p > 4 one has

m
A5l = plIs 72 (s DVO(X) Jos) i + ) (s DVI(X) ) dWi(1)
i=1

m
+ 21l Y (= 20DVi(X s, Joa)? + Vs (i DV(X) )2 i
i=1

Writing this in integral form, taking expectations on both sides and using the
boundedness of the derivatives of the vector fields, we conclude that there exists a
constant C such that

t
Elo, P <nPl2+C / ElJ,, |7 dr |
S

so that the claim now follows from Gronwall’s lemma. (The n”/? comes from the
initial condition, which equals |id|? = n?/2.) 0
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As a consequence of (5.4), one has J; = JorJy 1§ One can also verify that the
inverse J, tl of the Jacobian solves the SDE

dlyi = =Ty} DVo(X)) di = ) It DVi(X)) o dW; . (5.5)
i=1

This follows from the chain rule by noting that if we denote by ¥(A) = A~! the map
that takes the inverse of a square matrix, then we have D¥(A)H = —A~'HA™!.

On the other hand, we can use to, at least on a formal level, take the
Malliavin derivative of the integral form of (5.1]), which then yields for » < ¢ the
identity

o t ~ . m t o
@,(J)X(t):/ DVo(X,) @,(J)Xsds+2/ DVi(X,) 21 X, dWi(s) +V;(X,) .
r i=1 r

We see that, save for the initial condition at time ¢ = r given by V; (X ), this equation
is identical to the integral form of (5.2)! Using the variation of constants formula,
it follows that for s < ¢ one has the identity

29X, = I, Vi(Xy) . (5.6)

Furthermore, since X; is independent of the later increments of W, we have

.@s(j )Xt = 0 for s > ¢. This formal manipulation can easily be justified a posteriori,
thus showing that the random variables X, belongs to W !'? for every p. In fact,
one has even more than that:

Proposition 5.2 If the vector fields V; belong to 6,° and Xo € R" is deterministic,
then the solution X; to belongs to S for everyt > 0.

Before we prove this, let us recall the following bound on iterated It6 integrals.

Lemma 5.3 Let k > 1 and let v be a stochastic process on R with E||v||lL’P < oo
for some p > 2. Then, one has the bound

' 52 P k(p=2) p
E| [ [ vGn s dWi (1) dWi (50| < ORI,
0 0

Proof. The proof goes by induction over k. For k = 1, it follows from the
Burkholder-David-Gundy inequality followed by Holder’s inequality that

t p t , P p2 t
E)/ v(s)dWl-(s)) SCE)/ v(s)] ds| <t E/ v(s)Pds, (5.7)
0 0 0
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as claimed. In the general case, we set

Sk 52
V(sk) =/ / v(St, ..., Sk) dWi (s1) - - dW;,_ (sk-1) .
0 0

Combining (5.7) with the induction hypothesis, we obtain

' » ~ t
B [ v aw, o < e [CERGOP as,
0 0

p2 k2 [ Sk 51
<Ct72t 2 E( |V(S1,...,Sk)|p dsi ---dsk_l)dsk R
0 0 0

and the claim follows from Fubini’s theorem. O

Proof of Proposition We first derive an equation for the Malliavin derivative
of the Jacobian Jy ;. Differentiating the integral form of (5.2)) we obtain for r < s
the identity

. t ~ . t ~ .
297, = / DVo(X) 2 Ty du + / D*Vo(Xu) (Jsu» 21 X) du
S

N

m t . t X
> / DVi(X,) 2 s dWi () + / D*Vi(X,) (Jsu» 27 X) dWi(u) .
i=1 v

N

Using (5.6), we can rewrite this as

. t 5 . t .
2154 = / DVo(X) 2 T du + / D*Vo(Xu) (Jsaus JraVi(X,)) du

S N

m t .
£y / DVi(X,) 27T dWi(u)
i=1 %

+ 21[ DZVI(XM) (Js,u, Jr,uVj(Xr)) del(M) .

Once again, we see that this is nothing but an inhomogeneous version of the
equation for Jy; itself. The variation of constants formula thus yields

. t ~
@r(j)Js,t = / Ju,tD2VO(Xu) (Js,u, Jr,uVj(Xr)) du
s . [
+ Z / Ju,tDzvi(Xu) (Js,u’ Jr,uvj (Xr)) dWi(u) .
i=1 v

This allows to show by induction that, for any integer k, the iterated Malliavin
derivative .%(i’ .. 9,(,! Y X () with | < -+ < r can be expressed as a finite sum
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of terms consisting of a multiple iterated Wiener / Lebesgue integral with integrand
given by a finite product of components of the type Jy, 5; with i < j, as well as
functions in ‘6, evaluated at X;;. This has moments of all orders as a consequence
of Proposition 5.1} combined with Lemma O

Theorem 5.4 Let xo € R" and let X, be the solution to ([1.1)). If the vector fields
{V;} € €,° satisfy the parabolic Hérmander condition, then the law of X; has a
smooth density with respect to Lebesgue measure.

Proof. Denote by d ,; the operator Ao ;v = fot Js.:V(X5)v(s) ds, where v is a square
integrable, not necessarily adapted, R™-valued stochastic process and V is the
n X m matrix-valued function obtained by concatenating the vector fields V; for
j =1,...,m. With this notation, it follows from @ that the Malliavin covariance
matrix o, of X; is given by

t
o, =iy, = [ L VOV (XI5 ds
0

It follows from (5.6) that the assumptions of Theorem [4.3] are satisfied for the
random variable X;, provided that we can show that |0l ; || has bounded moments
of all orders. This in turn follows by combining Lemma [6.2] with Theorem [6.3)]
below. O

6 Hormander’s Theorem

This section is devoted to a proof of the fact that Hormander’s condition is sufficient
to guarantee the invertibility of the Malliavin matrix of a diffusion process. For
purely technical reasons, it turns out to be advantageous to rewrite the Malliavin
matrix as

t
Moy = Jo,CoiT, s Bos= / IV (X)V*(X,) (Jg) " ds |
0

where 6y ; is the reduced Malliavin matrix of our diffusion process.

Remark 6.1 The reason for considering the reduced Malliavin matrix is that the
process appearing under the integral in the definition of 6, is adapted to the
filtration generated by W;. This allows us to use some tools from stochastic calculus
that would not be available otherwise.

Since we assumed that Jo; has inverse moments of all orders, the invertibility
of JMly, is equivalent to that of 6y ;. Note first that since €y is a positive definite
symmetric matrix, the norm of its inverse is given by

-1 . -1
16111 = (nf (n. Go.m))



HORMANDER’S THEOREM 23

A very useful observation is then the following:

Lemma 6.2 Let M be a symmetric positive semidefinite n X n matrix-valued random
variable such that E||M||? < oo for every p > 1 and such that, for every p > 1
there exists Cj, such that

sup P((n, Mn) < &) < Cpe?, (6.1)
Inl=1

holds for every € < 1. Then, E||M~Y||P < oo for every p > 1.

Proof. The non-trivial part of the result is that the supremum over 7 is taken outside
of the probability in (6.1). For & > 0, let {nx }r<n be a sequence of vectors with
I7x| = 1 such that for every 5 with |57| < 1, there exists k such that |, — 57| < &%, It
is clear that one can find such a set with N < C&?~" for some C > 0 independent
of €. We then have the bound

n, Mn) = (i, M) + (n — e, M) + ( — i, M)
> (7, M) - 2||M||€*

so that
1
P( inf (n, M) < s) < P(inf (e M) < 48) +P(||M|| > —)
Inl=1 k<N P>
1
< C&?™2" sup P((n, Mn) < 48) +P(||M|| > —) .
Inl=1 €

It now suffices to use for p large enough to bound the first term and Chebychev’s
inequality combined with the moment bound on ||M || to bound the second term.
O

As a consequence of this, Theorem 5.4]is a corollary of:

Theorem 6.3 Under the assumptions of Theorem for every initial condition
x € R", we have the bound

sup P((n, Bo.1n) < &) < Cp&”,
Inl=1

for suitable constants Cp, and all p > 1.
Remark 6.4 The choice r = 1 as the final time is of course completely arbitrary.

Here and in the sequel, we will always consider functions on the time interval
[0, 1].
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Before we turn to the proof of this result, we introduce a very useful notation
which was introduced in [HM11l]. Given a family A = {A;}.¢(0,1] of events
depending on some parameter £ > 0, we say that A is “almost true” if, for every
p > 0 there exists a constant C,, such that P(A;) > 1 - C,e” for all € € (0, 1].
Similarly for “almost false”. Given two such families of events A and B, we say
that “A almost implies B” and we write A =, B if A\ B is almost false. It is
straightforward to check that these notions behave as expected (almost implication
is transitive, finite unions of almost false events are almost false, etc). Note also
that these notions are unchanged under any reparametrisation of the form € — &“
for @ > 0. Given two families X and Y of real-valued random variables, we will
similarly write X <. Y as a shorthand for the fact that { X, < Y.} is “almost true”.

Before we proceed, we state the following useful result, where || - ||o denotes
the L* norm and || - ||, denotes the best possible @-Holder constant.

Lemma 6.5 Let f: [0, 1] — R be continuously differentiable and let a € (0, 1].
Then, the bound

_L 1
100 f oo = 1711 < 417 lleo macc{ 1, 11T 011157 |
holds, where || f||o denotes the best a-Holder constant for f.

Proof. Denote by xg a point such that |0; f (xo)| = ||0;f]|. It follows from the
definition of the a-Holder constant ||0; f||¢« that |8, f (x)| > %ll@, fle for every x

such that |x — xg| < (||0,f||oo/2||8,f||%a)l/a. The claim then follows from the fact
that if f is continuously differentiable and |9; f(x)| > A over an interval /, then
there exists a point x; in the interval such that | f(x;)| > A|I|/2. O

With these notations at hand, we have the following statement, which is
essentially a quantitative version of the Doob-Meyer decomposition theorem.
Originally, it appeared in [Nor86], although some form of it was already present in
earlier works. The statement and proof given here are slightly different from those
in [Nor86], but are very close to them in spirit.

Lemma 6.6 Let W be an m-dimensional Wiener process and let A and B be R and
R"™-valued adapted processes such that, for a = %, one has E(||A||q + ||B||a)p < 00
Jor every p. Let Z be the process defined by

t t
Z; =272y + / Agds +/ B, dW(s) . (6.2)
0 0

Then, there exists a universal constant r € (0, 1) such that one has

{IZllo <&} =¢ {llAllo <&} & {IBllw <&} .
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Proof. Recall the exponential martingale inequality [RY9qg, p. 153], stating that if
M is any continuous martingale with quadratic variation process (M) (t), then

P(sup M) 2x & (MYT) < y) < 2exp(—x2/2y) .

t<T

for every positive T, x, y. With our notations, this implies that for any ¢ < 1 and
any adapted process F', one has the almost implication

(o <e} = || mawo| <o), 6:3)

With this bound in mind, we apply Itd’s formula to Z2, so that

t t t
z?:zg+2/ ZsAsds+2/ szde(s)+/ B2 ds . (6.4)
0 0 0

Since ||A]leo <¢ £~'/* (or any other negative exponent for that matter) by assumption
and similarly for B, it follows from this and (6.3) that

1 3 1 2
(1Zllo <&} = {‘/ ASZSds‘SsZ} &{‘/ Bszde(s))steﬁ}.
0 0

Inserting these bounds back into and applying Jensen’s inequality then yields

1 1
(Wzlo<e} = {[ Bas<et} = {[ inlas<el.

We now use the fact that ||B||, <. £ for every g > 0 and we apply Lemma
with 0, f (t) = | B;| (we actually do it component by component), so that

{IZllo <&} =. {lIBllo <&T},

say. In order to get the bound on A, note that we can again apply the exponential
martingale inequality to obtain that this “almost implies” the martingale part in

. . 1
ID is “almost bounded” in the supremum norm by £, so that

IZlo <&} =, {H/ Avds|_sewl).
O [S¢]
Finally applying again Lemma 6.5 with 6, f () = A;, we obtain that
{IZlo <&} =¢ {llAllo <&/},

and the claim follows with r = 1/80. O
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Remark 6.7 By making « arbitrarily close to 1/2, keeping track of the different
norms appearing in the above argument, and then bootstrapping the argument, it is
possible to show that

{IZlo <&} = {llAllw <&’} & {lIBllo < &},

for p arbitrarily close to 1/5 and ¢ arbitrarily close to 3/10. This seems to be a very
small improvement over the exponent 1/8 that was originally obtained in [Nor86/,
but is certainly not optimal either. The main reason why our result is suboptimal is
that we move several times back and forth between L', L2, and L® norms. (Note
furthermore that our result is not really comparable to that in [Nor86]], since Norris
used L? norms in the statements and his assumptions were slightly different from
ours.)

We now have all the necessary tools to prove Theorem [6.3]

Proof of Theorem[6.3] We fix some initial condition xo € R" and some unit vector
n € R". With the notation introduced earlier, our aim is then to show that

{(n,Gom)y <&} =, 0, (6.5)

or in other words that the statement (17, €p.17) < € is “almost false”. As a shorthand,
we introduce for an arbitrary smooth vector field F' on R” the process Zr defined by

Zr(1) = (1, J5, F(x))

so that

m 1 m 1 2
o =Y [z Paz Y([Czvola) . 66
k=1 k=1

The processes Zr have the nice property that they solve the stochastic differential
equation

m
dZp (1) = Zipvy (D) di + ) Zipy, (1) 0 dWi(2) 6.7)
i=1
which can be rewritten in It6 form as

Z[[F,Vk],Vk] (t)) dr + Z Z[F,Vk] (l‘) de (l‘) . (6.8)
i=1

| =

dZp(t) = (Z[F,Vo] (1) + i
k=1

Since we assumed that all derivatives of the V; grow at most polynomially, we
deduce from the Holder regularity of Brownian motion that, provided that the
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derivatives of F' grow at most polynomially fast, Zr does indeed satisfy the
assumptions on its Holder norm required for the application of Norris’s lemma.
The idea now is to observe that, by @]) the left hand side of @ states that Zr is
“small” for every F' € 7. One then argues that, by Norris’s lemma, if Z¢ is small
for every F' € U then, by considering (6.7)), it follows that Z is also small for
every F € V1. Hormander’s condition then ensures that a contradiction arises at
some stage, since Zp(0) = (F(x¢), £) and there exists k such that 7 (xo) spans all
of R".

Let us make this rigorous. It follows from Norris’s lemma and (6.8)) that one
has the almost implication

IZrlo <€} =0 {IZirnllo < €'} & {1 Zallo < £} .

fork=1,...,mand for G = [F, Vy] + % 2zt L[F, V], Vi ]. Tterating this bound a
second time, this time considering the equation for Z;, we obtain that

(1Zrllw <€} =e  {I1Zirvamillo <&},

so that we finally obtain the implication

(1Zrllo <€} = {1Zipvalle < &7}, 6.9)

fork=0,...,m.
At this stage, we are basically done. Indeed, combining (6.6)) with Lemma6.5]
as above, we see that

{mnCon) <&} =e {l1Zvllw <&},

Applying (6.9) iteratively, we see that for every k > 0 there exists some g; > 0
such that
{mGum <e} = [{lIZvlle <&}
Ve,
Since Zy (0) = (n, V(xp)) and since there exists some k > 0 such that 7} (xg) = R",
the right hand side of this expression is empty for some sufficiently large value of
k, which is precisely the desired result. 0

7 Hypercontractivity

The aim of this section is to prove the following result. Let 7; denote the semigroup
generated by the Ornstein—Uhlenbeck operator A defined in Section [3] In other
words, one sets T; = exp(—At), which can be defined by functional calculus. Since
we have an explicit eigenspace decomposition of A by Proposition [3.7] this is
equivalent to simply setting 7, X = e X for every X € #,,. The main result of this
section is the following.
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2

Theorem 7.1 For p,q € (1,0) and t > 0 with Z—j = e“!, one has

1T X[r < [ Xlza (7.1)
forevery X € L1(Q,P).

Versions of this theorem were first proved by Nelson [Nel66, |[Nel73]] with again
constructive quantum field theory as his motivation. An operator 7; which satisfies
a bound of the type for some p > q is called “hypercontractive”. An extremely
important feature of this bound is that it holds without the appearance of any
proportionality constant. As we will see in Corollary [7.3below, this makes it stable
under tensorisation, which is a very powerful property.

Let us provide a simple application of this result. An immediate corollary is that,
for any X € #,, and p > 1, one has the very useful “reverse Jensen’s inequality”

EX? < (2p - 1)"?(EX?)" . (7.2)

Although we have made no attempt at optimising this statement, it is already
remarkably precise: using Stirling’s formula, one can verify from the explicit
formula for the moments of a Gaussian distribution that in the case n = 1 (when all
elements of 7, have Gaussian distributions) and for large p, one has the asymptotic
behaviour

EX? < (2p — 1)’V2e3 77 (EX?)” |

It is however for n > 2 that the bound reveals its full power since the possible
distributions for elements of %, then cannot be described by a finite-dimensional
family anymore.

A crucial ingredient in the proof of Theorem|[7.1]is the following tensorisation
property. Consider bounded linear operators 7;: L9(Q;,P;) — LP(Q;,P;) for
i € {1,2}[7and define the probability space (X, P) by

Q=0Q; xXQ, P=P,xP,.

Then, on random variables of the form X(w) = X;(w)X2(w>), one defines an
operator T = T} ® T» by setting (TX)(w) = (T1X1)(w1) (T>X3)(w>), where we
used the notation w = (w1, wy). Extending T by linearity, this defines 7" on a dense
subset of (2, P). On that subset one can also write T = T»T; where T, acts on
functions of Q by

(T]X)((.U],(.Uz) = (T]X(~,(,L)2))(w1) .

I'We will always assume our spaces to be standard probability spaces, so that no pathologies
arise when considering products and conditional expectations.
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and similarly for 7>. We claim that if each 7; satisfies a hypercontractive bound of
the type (7.1)), then so does 7. A key ingredient for proving this is the following
lemma, where we write for example | X]| Lr as a shorthand for the function

wy = |IX(, w)lle (@ p)-

Lemma 7.2 Ifp > g > 1, then one has ||||X||Lz11||Lp < ||||X||L§||Lq.

Proof. The holds for g = 1 by the triangle inequality since

Iyl = | [ oo, < [ ixro],, Prdon

= || ||X||L§ |FAR
Exploiting the fact that || X ||z« = ||| X |4 ||1L/1q, the general case follows:
HIX gl = WX 0 = X100,
< X190 grall 2 = XD 0,07 = M0X gz
thus concluding the proof. 0

Corollary 7.3 In the above setting if, for some p > q > 1 one has ||T;X||pr <
| X||La, then one also has ||TX||.r < || X||La.

Proof. One has
ITX[Lr = T 2X | pplle < 72X o]l e
< WX e llze < XM pgllze = [1X]lza
as claimed. 0

Recall now that, in the context of a Gaussian probability space, the space W
consisting of random variables of the type

X=F(é....&). FeBy, (7:3)

where &; = W(e;) for an orthonormal basis {e;} of the Cameron-Martin space H,
is dense in L?(Q,P). Similarly, one can show that it is actually dense in every
L?(Q,P) for p € [1, ), and we will assume this in the sequel.

As a consequence, in order to prove Theorem [7.1] it suffices to show that
holds for random variables of the type (7.3) for any fixed n. Note now that, using
(3.9) for the evaluation of the Skorokhod integral, one has

AX = 69X = 52(8,-F)(§1, oo én)e
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= Z((@-F)(a, o EE = (PF)(E1, .. En)) -

In other words, one has A = Z?zl A;, where
A,' = —8,-2 +§i 8,' .

At this stage we note that, given an ordered orthonormal basis as above, the closed
subspace of L”(Q,P) given by the closure of the subspace spanned by random
variables of the type (7.3) for any fixed n is canonically isomorphic (precisely via
(7.3)) to LP(R", N (0,id)). Furthermore, 7, maps that space into itself, so let us
write Tt(") for the corresponding operator on L? (R", N (0, id)). It follows from the
fact that all of the A; commute that one has

Tt(n) = T,(l) ®...0® T,(I) (n times),

so that as a consequence of Corollary[7.3] Theorem [7.1]follows if we can show the
analogous statement for Tt(l).

At this stage, we note that the operator & = 02 — x4, is the generator of the
standard one-dimensional Ornstein-Uhlenbeck process given by the solutions to
the SDE

dX = -Xdt+V2dB(t), Xo=x, (7.4)

where B is a standard one-dimensional Brownian motion. The Brownian motion B
appearing here has nothing to do whatsoever with the white noise process W that
was the start of our discussion! In other words, it follows from Itd’s formula that if
we define an operator P; on L” (R, /N (0, 1)) by

(Prp) (x) = Expp(Xy) ,
then P, solves the equation
P =2LPip. (7.5)

Since the operator & is essentially self-adjoint on 6, (see for example [RS72,RS75]
for more details), it follows that P, as defined above does indeed coincide with
the operator T,(l), modulo the isomorphism mentioned above. By the variation of
constants formula, the solution to is given by

t
X(t)=e'x+ \/5/ e*'dB(s) .
0
In law, for any fixed ¢ (not as a function of ¢!), this can be rewritten as

X Ze'x+Vl-e20, 06~N(01),
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so that
(Prp)(x) = Ego(e_tx +V1 - 6_2’0) . (7.6)

We immediately deduce from this formula the following important properties. First,
by differentiating both sides in x, we see that

Ox(Prgp) (x) = ™' (P10vp) (x) . (7.7)

Applying the Cauchy-Schwarz inequality to (7.6), we also obtain the pointwise
bound

(Pr(¢- ) (0 < (Pr?) (x) (P?) (x) . (7-8)
We also note that if we take x random W (0, 1), independent of 6, and interpret the

expectation in the right-hand side of (7.6) as ranging over both x and 6, then it is
independent of 7. In other words, setting u = N (0, 1), one has

[neun = [ feoua.  vizo. (7.9

Differentiating in 7 and setting 7 = O thus yields for f € €,°

[@nwuan=o.  x=so1). (7.10)

Finally, recall that integration by parts yields

/ £ (Lg) () pldy) = - / /() (6) () (7.11)

(This of course also follows from how the Ornstein—Uhlenbeck operator 6 Z was
defined in the first place.)

Before we can give the proof of hypercontractivity of P;, we need a final
ingredient. Recall that Sobolev embedding guarantees that the L” norm of a
function can be bounded by its H! Sobolev norm, provided that 1/p > 1/2 — 1/n,
where n denotes the dimension of the ambient space. The problem with this
embedding is twofold: the exponent p depends on the dimension of the space, as
do the proportionality constants that arise. It turns out that if we weaken L? to
“Llog L, then a Sobolev-type embedding still holds, but this time independently
of dimension. This was first remarked by Gross [Gro75] and has turned out to be
extremely useful in a variety of context. The precise statement is as follows.

Theorem 7.4 The measure u satisfies the log-Sobolev inequality, namely

[rroerrau= [rantoe [rau<2 [10s7 .

forall f € W2
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Proof. (This proofis essentially taken from [Ledg2]].) By a simple density argument,
we can assume that f is smooth and bounded. One then has lim;_,e (P; f%)(x) =
f 2 du, uniformly over compact sets. As aconsequence, we can use the fundamental
theorem of calculus to write

[0 du- [ aurog [ an
_/w%/P,ﬁ logP,fzdpdt:—/m/(SBP,fz) log P, f? du dt
L s [ [
<4/ /P,(a f)dudr=4 / e‘Zt/(axf)Zd,udt,

and the claim follows. Here, we first used 1| , as well as the fact that f LP.f 2 du =
0 by (7.10). To get the third line, we used ({7.11)), followed by (7.7). Finally, we

used (7.8)) and (7.9). 0

We now have everything in place for the proof of the main theorem of this
section.

Proof of Theorem|[7.1] As already discussed, we only need to show for P,
rather than 7;. Take a smooth strictly positive function f € €,°(R) and write
@(t) = [|Pifllpr)» with p(t) = 1+ (g - 1)e?, so that in particular p = 2(p — 1).
We also recall that for smooth positive functions g and 4 one has

d , . _
78 =gh (hglogg+hg).

A simple calculation then shows that, writing f; = P; f, one has

- — 1-p _2(p—1) 4 P
o) =0 L2 [ g7 dunrog [ 57
1 ]
+;/(pf,” 'L i+ 2(p - 1)f] log £;) du)

_ 2(1?p2 )(DI—p(/ 77 du log/flp du—/f,plogf,p du

+2/(8xfp/2)2du) .

The log-Sobolev inequality precisely guarantees that the right-hand side is always
negative, thus proving the claim. 0
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8 Graphical notations and the fourth moment theorem

In this section we show that random variables that belong to a Wiener chaos of fixed
order satisfy an incredibly strong form of the central limit theorem: any sequence
of random variables such that their variances converge to a finite value and their
fourth cumulants converge to 0 must necessarily converge in law to a Gaussian
distribution! On the other hand, we will see that if X € %, for some n > 2, then the
law of X itself cannot be Gaussian. (In particular, the convergence to a Gaussian
mentioned above can only ever hold in law, never in probability.) In fact, its fourth
cumulant is necessarily strictly positive!

These surprising results were obtained quite recently by Nualart and Peccati
in [NPos]. Their proof can make advantageous use of some graphical notation.
As usual, we fix a separable Hilbert space H and we note that there is a natural
definition of tensor powers H®S for any finite set S. Elements of H®S are linear
combinations of expressions of the form (X)._ h; with the usual identifications
suggested by the notation. (Of course, H®S is isomorphic to H®* with k the number
of elements of S, but this isomorphism is not canonical since it depends on a choice
of enumeration of S.) We will sometimes call elements of S “indices”.

It is oftentimes natural to consider S as being endowed with a subgroup G g of
its group of permutations. There is a natural action of G onto H®S and we will
again write H®S for the subspace of those elements that are invariant under that
action. In all the cases we consider, one can write S = S; U ... U S, for some
m > 1 and Gy is given by all the permutations leaving the S; invariant. In such a
situation, we will say that elements belonging to the same §; are indistinguishable
and H®S is canonically isomorphic to H®S! @ ... ® H®5n,

It will be convenient to use graphical notations to represent elements of spaces
of the type H®S. In particular, the partition of S into subsets of indistinguishable
elements will be clear from such a notation. For example, if S is a set of 4
indistinguishable elements, we may denote f € H®S by

with the four black nodes representing the elements of S. If on the other hand one
has § = 81 U S, with each S; having two indistinguishable elements, we may write
g € H® for example as

Tensor products are then naturally denoted by juxtaposition of pictures, so f ® g is
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ek o

Another important operation is a “partial trace” operation. Given a set S and a pair
p = {x,y} of two distinct elements of S, we write Tr,: H®S — H®S\P) for the

linear map such that
Try (X) i = (hes hyy (R) hi - (8.1)
ieS ieS\p

simply denoted by

Note that if p and p are two disjoint pairs, the corresponding partial traces
commute, so one has natural operators Trg for & any collection of disjoint pairs.
Such operations will be represented by identifying the elements in the pair p in our
graphical notation and drawing them in grey.

For example, if g is as above and p = (x, y) withx € S; and y € S5, one would
denote Tr, g by

(8.2)

Remark 8.1 Despite looking quite “harmless”, the operator Tr), is unbounded

and not even closable! For example, if {e,},>1 is an orthonormal basis of H and
weset f =), (_i)n (en ® ey), then f € H® H since Y, 1/n* < oo, but Tr f is not
defined. Furthermore, one can easily find approximations f; such that fy — f in
H ® H but Tr f; converges to any given real number (or diverges).

However, we will only ever consider expressions of the form Trg (f1 ® ... ® fi,,)
where f; € H®5 and every pair p = {x,y} € P issuchthatx € S; and y € S for
i # j. In this particular case, it turns out that this expression is bounded as an
m-linear operator, i.e. || Trap (f1 ® ... ® fi)ll < [1; Il fil]- In particular, expressions

like actually never appear.

Given a finite set S partitioned into two sets: S = Sy L S, (standing for ‘free
indices’ and ‘noise indices’), we define the linear map .¥: H ®S - K. (H ®Sf)
where k = |S,| which acts on elements of the form h = hy ® h,, by

F(hs® hy) = hy ViU (Th,) , k=S,

where [; was defined in and the symmetrisation operator I1 was defined just
before. Here, we identify £, with an element of H®¥ by using some enumeration
of S,. The choice of enumeration does not matter thanks to the presence of I1.
Graphically, we denote .¥ (%) by colouring the elements of S, in red. This is
consistent with our notation so far since, in the case when S, = 0, .7 is the identity
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under the canonical identification #,(H®S7) ~ H®5. Note that .7 is not an isometry
in general due to the presence both of the projection II and of the factor Vk!. On
the other hand, .¥ is arguably more “natural” in the sense that

IR eico) = 2 R eico - (8.3)

xeS XSy

where k is such that k; = [{x € S, : i(x) = j}|, without any additional combinato-
rial factor.

The power of these notations can already be appreciated by noting that the
Malliavin derivative & of an element depicted by such a graphical notation is
obtained simply by adding up all ways of turning one red node black. Conversely, to
define the divergence & of an element of % (H®%), one needs to specify an element
x € S so that #; (H®®) ~ %, (H ® H®5x), where S, = S\ {x}. The divergence
operator 0 : Hy (H®H®5x) — %, (H®5~) is then obtained in our graphical notations
by simply colouring the node x red. The fact that 6% = k on % is then immediate:
an element f € % is depicted by a graph with k£ red nodes and no black nodes;
9 f is obtained by summing over all k£ ways of turning one of these nodes black,
while § Z f is then obtained by turning the single black node back red again, thus
yielding k times the original graph.

We have the following product formula which should be interpreted as a
far-reaching generalisation of Wick’s theorem for computing the moments of a
Gaussian

Proposition 8.2 Let S and S be finite sets and let h € H®S, h € H®S. Then, one
has
F(h) ® F(h) = Z I (Trep(h @ h)), (8.4)
PEP(S1,8n)

where P(S,,,_S’n) denotes all collections of disjoint pairs {x,y} C S, U S, such that
xesS, yes,.

Remark 8.3 Here, if S = Sy LI S, as before and similarly for S, we have implicitly
set (SLIS) r=S8ru S r and similarly for the noise indices. Note that the tracing
operation removes some noise indices but does not affect the free indices, so that
both sides are random variables taking values in H®S/ ® H®Sr ~ H®SrUSs),

The graphical interpretation of Proposition |8.2[is that the product of two graphs
is obtained by iterating over all ways of juxtaposing them and then “contracting”
any number of red nodes from the first graph with an identical number of red nodes
from the second graph. For example, one has
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where we made use of indistinguishability. Before we proceed to the proof of
Proposition we provide the following preliminary result on the product of
Hermite polynomials.

Lemma 8.4 Forn,m > 0, one has

Hy(¥)Hyn(x) = " COm,n; p)Hyom2p(x) ,  Clm,mi p) = p!(’;j) (p) . 85)

p=0

with the convention that C(m, n; p) = 0 whenever p > min{m, n}.

Proof. We fix n and proceed by induction on m. The case m = 0 is trivial, while
the case m = 1 reads
Hy-H, = Hy +nH, ,

which is immediate from H;(x) = x, combined with and (2.5). Since n is
fixed, we write C, ” = C(m, n; p) and we note that these coeflicients satisfy the
recursions

Cm;p—l — Cm+l;p 14 )

" " (m+1)(n—p+1)
mcm—l;p—l — Cm+l;p p(m +1- p)

(8.6)

. " (m+1)(n-p+1)°
Cm;p — Cm+1;pm+ 1 - D

m+1

(This also holds for p = 0 if we use the convention that C,”” = 0 for p < 0.) We
now assume that holds for some m (and all smaller values) and we write

H,Hy+1 = Hy (Hle - mHm—l)
= Z Crrzn;leHn+m—2p —m Z C;n_l;pHn+m—l—2p

p=>0 p=0
— m;p m;p
- Z Cn Hn+m+1—2p + Z(” +m— 2p)Cn Hn+m—1—2p

pz0 p=0

m—1;p
—m Z Cn Hn+m—1—2p
p=>0

_ m;p m;p—1 m—1;p—1
= Z(Cn +(Q2+n+m=2p)C"P )Hypoms1-2p -

p=0

Combining this with (8.6)) completes the proof. O
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Proof of Proposition In view of (8.3) and the definition of Trg, we can assume
without loss of generality that S = S, and similarly for S. Since both sides of (8.4)
are linear in & and #, it suffices to show that the formula holds for 4 and & of the

form
h=®€i(x), E:®ej<x)a

xes yeS

for some fixed orthonormal basis {e,},en and functions i: § — N, j: § — N.
Write k(i) : N — N for the function such that

k(@) =HxeS ilx) =/},

and similarly for k() (but with S replaced by S).
Since this basis is orthonormal, the only terms that contribute to the right-hand
side of are those pairings & such that

i(x)=jy), Vix,y}e.

Call such a pairing admissible. Every admissible pairing & then yields a function
k(%): N — N by setting k(P), = |[{{x,y} € P : i(x) = €}|. With this notation,
and in view of (8.3) and (8.1), one has

I (Trgp(h ® b)) = Piye(j)-26(9)

if & is admissible, and 0 otherwise.

Given p: N — N, we see that the number of pairings & such that k(%) = p
is precisely given by p! (kl(j)) (¥ ;j)). This is because it is determined by, for every
¢ € N, first choosing p, elements among the & (i), indices x € S with i(x) = ¢, then
choosing p, elements among the k(j), indices x € S with j(x) = ¢, and finally
choosing one of the p,! ways of pairing these indices up. As a consequence, the

right-hand side of (8.5) is given by

k(i)\ (k(j
2 P!( ;l))( ;J))(Dk(i)%(j)—Zp-

p: N->N
Since the left-hand side is given by ® ;) - @) and in view of the definition
of the @y, the claim immediately follows from Lemma [8.4] 0

Remark 8.5 A final, but important, remark before we can proceed with the proof
of the fourth moment theorem is the following. Recall that with our graphical
notation, a graph I" containing only grey and black nodes represents a deterministic
element f € H®S. The squared norm || ]| is then represented by the graph |T'|?
obtained by taking two identical copies I'] and I'; of I" and pairing up each one of
the black nodes of I'j with the corresponding node of I';. In particular, any graph
that can be obtained in this way necessarily represents a positive number.
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The following lemma which was obtained in [NPos|| is now elementary.

Lemma 8.6 Let F € #,, for some n > 2 with F # 0. Then, there exists ¢ > 0

depending only on n such that B
F*—3(EF?)? > c(E|ZF|* - (E|2F|*)°) > 0. (8.7)

Proof. Since F € #,, we can represent it and its Malliavin derivative as

Nt NS

As a consequence of Proposition [8.2] we then have

F2:n! + n-n! +...+ vv
— N

(8.8)
(Here, each line connecting two copies of F should be thought of as having a grey
node, but we don’t draw these.) Since the kth term in this sum belongs to the 2kth
Wiener chaos, they are all orthogonal.

Regarding || ZF||?, one also obtains a positive linear combination of the exact
same terms, but with slightly different combinatorial prefactors. The main difference
however is that the last term is absent since taking the norm squared corresponds to
contracting the two black nodes, so one always has at least one contraction between
the two copies of F. In particular, this already shows why the second inequality in
is strict when n > 2: the second term in is of the form .¥(g) for some
g € H®? with Trg = nEF?. Since EF? > 0, we conclude that one cannot have
g = 0, so this term has strictly positive L? norm.

Since the first term of (including the factor n!) is nothing but EF?, we
conclude that there exists a constant ¢ > 0 such that

o .. .. 2
EF* > (EF?)? + c(E| ZF|* - (E|2F|%)°) + E(v v)

Denoting the last term in this expression by D, it therefore remains to show that
D > 2(EF?)2. As a consequence of Proposition we have

n 2
LEDY (") (n))2F*
p=0 \P
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with

where we have p “vertical connections” between any two copies of F and n — p
“diagonal connections”. Since each of these F g is positive by Remark (just
“untwist” the picture by flipping the two copies of F on the right), we conclude that
D > (n)*(F§ + F})), but (n!)*Fy = (n))?F,} = (EF?)?, thus yielding the claim.

O

Note that since the last inequality in is strict, this implies that %, itself
cannot contain any Gaussian random variable! We are now in a position to prove
the fourth moment theorem of [NPos]:

Theorem 8.7 Letn > 2 and let {F }x>0 € #, be a sequence of random variables
such that EF,% = 1 (say) for all k. Then, the F} converge in law to N (0, 1) if and
only if limg e EF}} = 3.

Proof. We follow the exposition of [NOLog]. Since all moments of the sequence
F} are uniformly bounded by , the necessity of EF,? — 3 is immediate. For
the converse implication, we note first that by tightness we can assume that the Fj
have some limit in law (modulo extraction of a subsequence which we again denote
by Fy) and we write

(1) = lim (1) = lim Ee'

for its Fourier transform, so it remains to show that ¢(7) = e~"*/2. Note that ®
is differentiable and ¢ = limy_, ¢ locally uniformly as a consequence of the
boundedness of the moments of Fj. Since we know that ¢(0) = 1, it is therefore
sufficient to show that limg_,e (¢ (7) + ¢ (7)) = 0.

Since AF} = nF; we then have

or(t) = iE(erisz) — I%E(((;_@Fk)eitﬂ() _ %E(.@Fk, _@eisz>

t .
= —~E(|ZF|e"™) .
Since E||2F||> = n, we conclude that

1660+ tu ()] = TIE((| 2> = )" )

1 1
< SIE((12Fl =)' < - \JEF} -3,

where we used Lemma 8.6 in the last bound, whence the claim follows at once. [
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9 Construction of the @] field

We now sketch the argument given by Nelson in [Nel66]], showing how the
hypercontractive bounds of the previous section can be used to construct d>‘2‘
Euclidean field theory. The goal is to build a measure P on the space @’ (T?) of
distributions on the two-dimensional torus which is formally given by

P(dd))ocexp(—% / IV (x)|? dx — / |CI>(x)|4dx) “dd”

This expression is of course completely nonsensical in many respects, not least
because there is no “Lebesgue measure” in infinite dimensions. However, the
first part in this description is quadratic and should therefore define a Gaussian
measure. Recalling that the Gaussian measure with covariance C has density
exp —%(x, C~'x)) with respect to Lebesgue measure, this suggests that we should
rewrite P as

P(dd))ocexp(— / |(I)(x)|4dx)Q(ch>), (9.1)

where Q is Gaussian with covariance given by the inverse of the Laplacian. In other
words, under Q, the Fourier modes of ® are distributed as independent Gaussian
random variables (besides the reality constraint) with @(k) having variance 1/ |k|2.
In order to simplify things, we furthermore postulate that ®(0) = 0.

The measure Q is the law of the free field, which also plays a crucial role in the
study of critical phenomena in two dimensions due to its remarkable invariance
properties under conformal transformations. However, it turns out that 1s
unfortunately still nonsensical. Indeed, for this to make sense, one would like at the
very least to have @ € L* almost surely. It turns out that one does not even have
® e L? since, at least formally, one has

N 1
E[®|2, = ) Eld(k)* =) T
k

k#0

since we are in two dimensions.

Denote now by G the Green’s function for the Laplacian. One way of defining
G is the following. Take a cut-off function y : R> — R which is smooth, positive,
compactly supported, and such that y (k) = 1 for |k| < 1.

G) = lim Gy() . Gy@) = ) e(k/N)k[ e
k#0

It is a standard result that this limit exists, does not depend on the choice of y,
and is such that G(x) ~ —% log |x| for small values of x, and is smooth otherwise.
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Furthermore, the function Gy has the property that |G y(x)| < log |x|™' A logN
for all x. Finally, one has

1
|G (x) = Gn(x)| < |log N|x|| A NRE
Note now that for every N, one can find fields @y and W that are independent and
with independent Gaussian Fourier coefficients such that

E[Oy(k)1> = (k/N)KI7,  E¥N(OF = (1= @(k/N)) k[

One then has ®y + Py Z @ with @ a free field. We can furthermore choose Dy to
be a function of ® by simply setting

Dy (k) = o(k/N)D(K) . (9-2)

Furthermore, Wy is “small” in some sense to be made precise and @y is almost
surely a smooth Gaussian field with covariance G y.

Note however that CZ%, ZE|®y(x)|> = Gn(0) ~ logN as N — oo. The idea
now is to reinterpret the quantity ®* appearing in @ as a “Wick power” which is
defined in terms of the 4th Hermite polynomial by

Dy (x)*: = CyHy(@y (x)/Cy) 9:3)

The point here is that by the defining properties of the Hermite polynomials, one
has E :®y(x)*: = 0. Furthermore, and even more importantly, one can easily verify
from a simple calculation using Wick’s formula that

E(:q>N(x)4: :<I)N(y)4:) = 24G4(x - y) .

In particular, setting

def

XN :/ Dy (x)*: dx,
T2

one has
EX} = 24/ / Gy (x—y)dxdy,
T2 JT?

which is uniformly bounded as N — co. Furthermore, by @, Xy 1s an element
of the fourth homogeneous Wiener chaos #; on the Gaussian probability space
generated by @. It is now a simple exercise to show that there exists a random
variable X belonging to % such that limy_,., Xy = X in L2, and therefore in every
L? by (7.2). At this stage, we would like to define our measure P by

P(d®) o exp(-X(P)) Q(dD) , (9-4)
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with X given by the finite random variable we just constructed.
The problem with this is that although |®y (x)|* is obviously bounded from
below, uniformly in N, :®y( y)4: is not! Indeed, the best one can do is

Dy (0)*: = (P (y)* - 3C]2\,)2 —6Cy > —6Cy, ~ —c(log N)?,

for some constant ¢ > 0 (actually ¢ = 2%2), so that

Xy > —c(logN)? . (9.5)

In order to make sense of however, we would like to show that the random
variable exp(—X) is integrable. This is where the optimal bound plays a

law

crucial role. The idea of Nelson is to exploit the decomposition @y + ¥y = O
together with Lemma [2.2|to write

law

X=Xy+YyN,
Yy d:Ef4/ :¢N(x)3::‘PN(x):dx+6/ Dy (x)%: Py (x)%: dx
T2 T2

+4/ :dDN(x)::‘I’N(x)3:dx+/ :‘I‘N(x)4:dx:Y]E]1)+...+Y]£,4).
T2 T2

Note now that, setting Gy = G = Gy, one has

. | log N|*
E|Y15]1)|2 = 96/1:2 /1:2 Gi](x —y) GN(X —y) dx dy < N2 .

Analogous bounds can be obtained for the other Y Ii,i). Combining this with |i
and the fact that Yy belongs to the chaos of order 4, we obtain the existence of finite
constants ¢ and C such that

c? p*?|log N|*7
N2p

r

<CNP ,

ElYy|? <

uniformly over N > C and p > 1. In the sequel, the values of the constants ¢ and
C are allowed to change from expression to expression. We conclude that

P(X < -K) =P(Xy +Yy < -K) < P(Yy < c(logN)? - K)

E|Yy|?
< P(|Yy] = K - c(log N)?) <
(1%l ¢(log N)’) (K — c(log N)2)P

Cp*r
< )
NP(K — c(log N)%)»
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provided that c(log N)> < K and N > C. We now exploit our freedom to choose
both N and p. First, we choose N such that c(log N)?> — K € [1, 2] (this is always
possible if K is large enough), so that

Cp* .
P(X < -K) < % < C(pe“@)‘”’ .

We now choose p = VK for some & < ¢, so that eventually
P(X < -K) < Cexp(—ceéﬁ) )
We can rewrite this as
P(exp(-X) > M) < Cexp(—ceg‘/w) .

In particular, the right hand side of this expression is smaller than any inverse power
of M, so that exp(—X) is indeed integrable as claimed.
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